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Assortative mixing, high clustering, short average path lengths, broad degree distributions and the existence
of community structure have become the main role of currently researches. Application in the domain of
information propagation has been developed here, based on some existing social network models, which satisfies all the above characteristics. In addition, this model facilitates interaction between various communities.
It gives very high clustering coefficient by retaining the asymptotically scale-free degree distribution. The
community structure is raised from a mixture of random attachment and implicit preferential attachment.
It supports the occurrence of a contact between two initial contacts if the new vertex chooses more than one
initial contacts. The result shows a faster application to propagate information over social networks based
on degree centrality.
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Neighbor of Neighbor Initial Contact.

tural, Educational, Families, Relations and so
on. Social networks create relationship between vertices; Social networks include Sociology, basic Mathematics and graph theory.

1. INTRODUCTION
Collaboration between professional, academic,
research and Business groups are becoming domain dependent. Here we develop a application
for propagating information based on degree
centrality. The node with the highest degree
become very easy to propagate the information to other node in the social networks. Social networks are made of nodes that are tied by
one or more specific types of relationships. The
vertex represents individuals or organizations,
edge represents relationship between individuals or organizations.

The basic mathematics structure for a social
network is a graph. The main social network properties includes hierarchical community structure [8], small world property [9],
power law distribution of nodes degree [10] and
the most basic is Barabasi Albert model of
scale free networks [11].
The more online social network gains popularity, the more scientific community is attracted
by the research opportunities that these new
fields give. Most popular online social networks
is Facebook, where user can add friends, send
them messages and update their personal profiles to notify friends about themselves. Essential characteristics for social networks are
believed to include assortative mixing [12,13],
high clustering, short average path lengths,
broad degree distributions[14,15] and the existence of community structure. Growing community can be roughly speaking set of ver-

Social networks have been intensively studied
by Social scientists [1-3], for several decades in
order to understand local phenomena such as
local formation and their dynamics, as well as
network wide process, like transmission of information, spreading disease, spreading rumor,
sharing ideas etc. Various types of social networks, such as those related to professional collaboration [4-6], Internet dating [7], and opinion formation among people have been studied. Social networks involve Financial, Cul-
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This has very large clustering coefficient compared to the earlier work where it was c(k) 1/k.

also have been added in our model, which leads
to a faster and complex growth of network.

3.2. Centrality Measures
Centrality measure is one of the most studied
concepts in social network analysis. Numerous results have been measured including degree centrality, closeness centrality, betweenness centrality [18]. We assume that all networks on which we might compute centrality
measures consist of undirected graphs G(V, E),
in which V is a set of nodes (also called vertices,
points or actors) and E is a set of edges (also
called ties or lines) that connect them [19,20].
The following graph shows the centrality distribution on 100 nodes. As we can see big size
vertices has maximum centrality. i.e., any information given to that node will spread faster
in the network, as compared to other nodes.
Centrality measures: Centrality measures includes point centrality which node has maximum possible degree and also point centrality
appear any social network graph which node
has point a center of a star or hub of wheel.

Table 1
Simulation Results

3.3. Degree Centrality Measure
Measures degree or number of adjacencies for
a point vi
CDeg (vi ) =

X
i =1
X

a(vi ; vk )

(5)

n

Where a(vi ; vk ) = 1 if vi and vk are connected a
line otherwise 0. Normalized degree measures
′
CDeg
(vk ) =

Deg(vk )
(n − 1)

(6)

4. RESULTS
Simulation results have been projected for a
network of 100 vertices where edge to vertex
ratio and triangle to vertex ratio for 100 vertices has been projected. Hence one can see an
increase in number of contacts due to the introduction of secondary and neighbor of neighbor contacts, The results are given in Table 1.
Here one can see an enormous increase in secondary contacts. In addition tertiary contacts

Our model
Vertices
Triangles

IC
0.33
0.001

SC
0.45
0.07

NNIC
0.20
0.06

4.1. Simulation Result
The below results have been represented graphically by calculating the degree (number of contacts) of a node. This also shows an enormous
growth in degree of nodes. Comparison results
of network community: initial contacts, secondary contact, secondary contact and degree
of each vertices.
5. CONCLUSIONS
In this paper, an application which reproduces
very efficient networks compared to real social
networks has been developed. This application
of information propagation, based on degree
centrality, which mean the higher the degree
of the node the faster the node to propagate
the information in the network. This is very
useful in the case of Professional, Research and
Business groups, which helps in faster spreading information for network community. Thus
here an eficient but complex application of social network has been developed which gives
an enormous growth in probability distribution and clustering coeficient and edge to vertex ratio by retaining the community structure.
This application can be used to develop a new
kind of social networking among various professional, academic, research and business groups
which helps in faster propagation of information which is essential for faster development
in the real world. We have used C language,
UciNet, NetDraw and Excel for creating graph
and simulation.
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Figure 4. Comparison Results of Network Community
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